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Stress Prediction Artificial Neural Network
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By using an artificial neural network, the
system that predicts the stress concentration
factor of the crankpin fillet from 6 characteristic
dimensions of a crankshaft has been developed.

In order to achieve accurate prediction,
“Adaptive Transfer Function Algorithm” has
been developed as learning method of Neural
Network and learning data have been obtained
by Finite Element Method. The experiments
were conducted using crankshafts of small utility
engines and outboard motors, of which results
showed that the stress concentration factor was
predicted with -6.9 to +6.3% error.

Making use of this system, designers are
enabled to calculate the concentrated stress on the
crankpin fillet precisely in a short time.
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